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Indoor Environment Recognition Based on SVM
Classification of Laser Radar Data

GUO Yu-peng, LIU Shi-rong’, ZHANG Bo-tao
( School of Automation, Hangzhou Dianzi University, Hangzhou 310018, China )

Abstract: Semantic map building is of significant importance for the navigation and trajectory planning of
mobile robots, in which the environmental classification has been a key issue to address. The lower matching
rate has been identified in the currently adopted environmental classification methods, which forms a technical
bottle-neck for the semantic map building. A classification method based on support vector machine (SVM) is
proposed in this paper, In the process, the geometric features extracted from the laser radar data are employed to
train the SVM classifier, which is used for identifying he robotic workspace pattern. The proposed method is
applied to the semantic classification of the given indoor layout. The experiment results suggest that the
proposed method is capable of building the semantic map efficiently with a higher recognition rate.

K ey words: indoor environment; semantic map; SVM classifier; mobile robot



