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On Consecutive Closing Price of Rubber Based on SVM’s
Regression Forecast with Noise-reduction

SHAO Ming-xing, WANG Bao-shan, DING Ai-liang, XU Bing-zhen*
( Faculty of Science, Ningbo University, Ningbo 315211, China )

Abstract: Based on support vector machine, the raw data and data with noise reduction are separately used to
predict rubber consecutive closing price, and comparison of these two results is conducted and conclusion is
obtained. The study suggests that the forecast using the data of time series with noise reduction is more accurate
than the one directly with the raw data.

Key words:. support vector machine; noise reduction; regression prediction; rubber continuous





