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New Target Model Based on Heaviside Kernel Function for Tracking

WU Ying, CHEN Ken"
( College of Information Science and Engineering, Ningbo University, Ningbo 315211, China )

Abstract: In order to better solve the tracking problem with compromised target identification arising from the
similarity between foreground and background or higher motion mobility, a new target model is put forward
based on the modified Heaviside function. The target region is first represented by the proposed function, then
the background and foreground color-texture histograms is constructed respectively in the region in the initial
frame, in so doing the new target model is built through comparing the difference between the foreground and
background model. In the candidate target area, the traditional Epanechnikov kernel is adopted in modeling
target, and the target center is determined in the next frame using the Bhattacharyya coefficient. The
experimental results show that the new algorithm performs better in accuracy and robustness than the traditional
Mean-shift tracker and the existing color-texture-combined histograms based Mean shift.

K ey words. Heaviside function; new target model; color-texture histogram; object tracking



