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An Adaptive Approach for Generating Detective Range

in Visual Object Tracking

HUANG Yuan-jie, ZHAO Jie-yu", CHENG Ting-ting, CHEN Pu-giang
( Faculty of Electrical Engineering and Computer Science, Ningbo University, Ningbo 315211, China )

Abstract: Visual object tracking is a highly challenging task due to the fact that it suffers from many intrinsic
problems, such as object disappearance, reappearance, deformation and environment variation. A tracking

algorithm is required to have the ability of detecting and learning. Given the fact that the global detector would

generate certain redundant detections, we propose an approach that adaptively generates the detective range for

visual object tracking based on the framework of P-N learning. We introduce a Kalman filter to predict the

location, the object scale as well as their changing rate. Then we utilize the predicted information to reduce the

scope of detecting. Our experimental results on the pubic CoGD dataset show that our method increases the

speed dramatically while without compromising the accuracy.

Key words: visual object tracking; target moving prediction; Kalman filter; P-N learning



