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network Vision

A 3D Face Reconstruction Method Using a Single Side View Image

JIANG Yu, ZHAO Jie-yu", CHEN Neng-lun
( Faculty of Electrical Engineering and Computer Science, Ningbo University, Ningbo 315211, China )

Abstract: The 3D morphable model (3DMM) and the Structure from Motion (SFM) method are widely used in
3D face reconstruction. The popular 3D face reconstruction method based on a single image needs a front view
image and a priori model. It usually involves high computation complexity, and can be easily affected by posture
changes. It is also susceptible to local minimum in algorithm execution. In this paper we propose a 3D face
reconstruction method using a single side view image. First of all, we use the improved three-dimensional
deformation model to obtain the initial front view and feature points; Secondly, a symmetrical view and the
corresponding facial feature points are calculated according to the facial symmetry. Finally, the sparse 3D model
is reconstructed using the SFM method given the front view, initial view and symmetric view. Experiments are
conducted with facial images of different postures. The results show that the proposed method is more robust to
posture changes than other general methods.

Key words: 3D face reconstruction; side view; SFM; 3DMM; 3D model fitting



