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An anomaly detection algorithm based on VMME and texture features

LI Fei, CHEN Ken', LI Meng, GUO Chun-mei
( Faculty of Electrical Engineering and Computer Science, Ningbo University, Ningbo 315211, China )

Abstract: In the field of intelligent video surveillance, the detection of abnormal events has remained an
important subject in the research field. This paper proposes an algorithm for detecting abnormal behavior of
crowds based on entropy of velocity magnitude map (VMME) and texture feature. Through the computation of

optical flow in a video frame, the velocity magnitude map of feature points can be obtained, and the entropy of
velocity magnitude map can be calculated as the feature of scene motion. LBPCM is first used to extract the
texture features of the crowd, then the features of two kinds are fused into the support vector machine for

training classification. Experiments show that the algorithm can effectively detect abnormal behavior and has

high detection accuracy rate.
Key words. crowd anomaly detection; texture feature; motion feature; VMME; LBPCM



