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Effect of Multi-hidden-layer on Performance of BP Neural Network

YANG Shou-jian'?, CHEN Ken'"
( 1.Faculty of Information Science and Technology, Ningbo University, Ningbo 315211, China;

2.School of Electronics and Information, Tongji University, Shanghai 201804, China )

Abstract: In this paper, quantitative study on a given complex nonlinear system is presented using BP neural
network. The correlation is explored between the control performance on the given complex nonlinear system
and the number of hidden layers and the difference of network learning rate. The analytical and test results well

indicate that the improvement of control performance is not proportional to the increased number of hidden
layers, and the optimal selection of neural learning rate is generally within 0-2. The specific value of learning
rate depends on the specifically given system and the most suitable value range can be determined using

sub-debugging method.
Key words. BP neural network; the number of hidden layers; network learning rata; curve fitting



