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Study on convergence of modified OS-EM algorithm in

ill-posed integral equations

GUO Yao, WANG Jinping’
( School of Mathematics and Statistics, Ningbo University, Ningbo 315211, China )

Abstract: In this paper, we mainly study the modified OS-EM (ordered-subset expectation-maximization)
reconstruction algorithm, which is a fast reconstruction algorithm that uses overrelaxation parameters to
accelerate the expectation of ordered subsets, and analyze convergence by OS-EM algorithm. By making full use

of some properties of KL distance, we explore the monotonicity of the modified OS-EM algorithm and the
convergence of the solution of the equations in the case of accurate data.
Key words: the modified OS-EM algorithm; Kullback-Leibler distance; overrelaxation parameters



